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Abstract:Converting a user-friendly graphical screenshot into a computer code is a common 

task for an engineer to create custom software, websites and mobile applications. You can 

convert any hand-drawn design into computer code. With in-depth learning methods we can 

gain the ability to train the end-to-end model that generates default code from a single input 

image. 
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I.INTRODUCTION 

The process of using third-party software based 

on Graphical User Interface (GUI) by the 

developer is the responsibility of the developers. 

Creating a GUI code, however, is time consuming 

and prevents developers from devoting most of 

their time to the actual performance and 

intelligence of the software they are building. In 

addition, the computer languages used to use 

such GUIs are specific to each target operating 

time system; thus leading to tedious and 

repetitive work in which the software being built 

is expected to operate on many platforms using 

traditional technology. Our approach is based on 

Convolutional and Recurrent Neural Networks 

which allows the creation of computer tokens 

from a single GUI screenshot as input. That is to 

say, there is no professional feature removal pipe 

or expert heuristics designed to process input 

data; our model learns in pixel values for image 

input only. 

As the name suggests, it is a site that converts 

your drawing into computer code. You can 

convert any hand-drawn design into computer 

code with AI. So, if the drawing is for Mockup, 

just upload the image to the site and your 

computer code is ready. 

 

We can use Computer Vision to create a program 

that understands what the designer has drawn on 

the white board, and then translates that 

understanding into computer code. This way we 

can generate computer code directly from a 

hand-drawn image. 

Custom Vision service trains models to find 

computer code objects, and then uses text 

recognition to extract text manually from the 

design. By combining an object with text, we can 

produce HTML captions for a variety of building 

materials. 

II.LITERATURE SURVEY 

Automatic production of programs that use 

machine learning techniques is a new field for 

research and word order in an easy-to-read 

format recently. A recent example is DeepCoder 

[2], a program capable of generating computer 

programs using power statistical predictions to 

add traditional search strategies. In another work 

by Gaunt et al. [5], source code creation is 

enabled by learning the relationship between 

input examples by different interpreters. In 

addition, Ling et al. [12] recently introduced a 

glossary from integrated natural language and 

specific system specifications as input. It is  
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important to be careful that most of these 

approaches are based on specific Domain Specific 

languages (DSLs); computer languages (e.g. 

hardy languages, programming languages, model 

languages) designed for professionals but more 

restricted than full computer languages. DSLs are 

used as such reduce the complexity of the 

programming language that needs to be modeled 

and reduce the size of search space. 

Although computer programming is an active 

field of research as suggested by this emergence, 

system production of visual inputs is still an 

unseen research area. The most closely related 

work is the method developed by Nguyen etl. 

[14] to reverse Android user input from 

screenshots. However, their approach depends 

entirely on the heuristics the developer needs 

expert domain information to be used effectively. 

Our paper is, to the best of our knowledge, the 

first task to try to address the problem of user 

interface code from visual input by replacing past 

flexible reading machines instead of complex 

engineering technology. 

In order to use our input graphics, we can borrow 

methods from computer view books. In fact, a 

significant number of studies [21, 4, 10, 22] have 

addressed the problem of captions with 

impressive effects; indicating that deep neural 

networks are able to read encryption variables 

that describe the objects in the image and their 

relationship to the corresponding lengths of text 

descriptions. All of these approaches rely on two 

main components. First, Confusional Neural 

Network (CNN) creates an unencrypted reading 

image map feature for uninstalled readings 

representation. Second, Recurrent Neural 

Network (RNN) modeling language in a 

description of the text associated with the input 

image. These methods have the advantage of 

being end-to-end, therefore allows for the use of 

gradient descent for efficiency. 

 

 

 

III.SYSTEM DESIGN 

A. Web Application 

The web based application is a user interface 

where users can upload their hand drawn user 

interface and can directly get their code as 

selected in the drop down menu.The menu 

consists of Html,Ios and android.The code can be 

edited as their further requirements by the user. 

B. Rest api 

REST API is an HTTP based API designed to allow 

any other programs / clients to participate in the 

program. RESTful API is an application interface 

design application (API) that uses HTTP requests 

to access and use data. That data can be used to 

obtain GET, PUT, POST and DELETE data types, 

which focus on learning, updating, creating and 

deleting resource-related tasks. 

Fig1 Convolution Neural Network 

 
IV.WORKING METHODOLOGY 

Since the proposed solution is the final solution, 
the components need to be firmly integrated and 
reliable. Each module / sub-task process has its 
own definitions and application metrics that are 
described as having an operating  system. 

The web app is launched with the help of several 
python packages, as well as a custom library that 
handles predictions. The website allows users to 
use the forecast tool or use the submission page 
to make a contribution to the project in terms of 

data.Details of the occasional retraining are             
collected from a variety of sources including 
volunteers using the web application. All data is 
stored in a cloud container that can be used to 
continue neural network training. The web  
application is provided by Flask. Flask is a small 
web framework written in Python. It is classified 
as a subfamily because it does not require any 
special tools or libraries. It does not have a 
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 background for data extraction, form 
verification, or other items where existing third-

party libraries already provide similar services. 

Convolution Neural Networks has proven to be 
valuable to any computer vision since AlexNet in 
2012. 

The proposed system uses neural convolutional 
neural networks to make the necessary 

predictions.     

Neural Network is derived from a group of  
connected units or nodes called artificial   
neurons,  which freely balance neurons in the 
bloodstream. Each connection, like synapses in 
the bloodstream, can transmit signals to other 
neurons. An artificial neuron receives a signal 
and processes it and can display the neurons 
connected to it. The "signal" in the connection is 
a real number, and the output of each neuron is 
calculated by another activity that does not 
match the input line line. The connection is called 
the margins. Neurons and edges usually have a 

corrective weight as a continuation of learning. 

The RNN structure is very similar to Markov's 
hidden model. However, the main difference is 
how the parameters are calculated and 
constructed. Another advantage of LSTM is 
resistance to distance. RNN and HMM rely on 
hidden mode before exit / sequence. If we want 
to predict the sequence after a thousand times 
instead of 10, the model forgot the first place at 
that time. 

Recurrent Neural Network is the creation of a 
feed-forward neural network with internal 

memory. The RNN occurs repeatedly as it 
performs the same function on all data inputs 
while the output of current entries is based on 
one previous calculation. After output output, it is 
copied and returned to the repetitive network. In 
making a decision, it looks at the current input 
and the effect it has learned on the previous 
input. 

RNN is best suited for consecutive data. It can 
affect the insertion / output length indirectly. 
RNN uses its internal memory to process 
conflicting input sequences. 

This makes RNNs better suited for future 
predictions in word order. Like the human brain, 

especially in conversations, it is given a lot of 
weight in the learning of information to anticipate 

sentences. 

An RNN trained to translate text may learn that 
"dog" should be translated differently if it is 
followed by the word "hot". 

RNN has the ability to remember. Memorize 
previous data. When making a decision, it looks 

at current entries and learns from the inputs it 
received. Output from the previous step is 
inserted as inserting into the current step creates 
a feedback loop. 

Fig 2 Recurrent Neural Network 
 
Long-term memory is often referred to as the 
cell memory. Connecting arrows indicate a 
repeating state of the cell. This allows data from 
the past to be stored in an LSTM cell. The status 
of the cell is changed by the forget gate that is 
placed under the cell state and also adjusted by 
the input variable gate. From the calculation, the 
previous state of the cell repeatedly forgets 
about the forget gate and adds new details with 
the input gate output. 

The vector of memory is often called the gate of 
forgetfulness. The output gateway tells the state 
of the cell what information to forget by 
multiplying 0 in the matrix area. If the output of 
the forgettable gate is 1, the data is stored in a 
cell state. From the calculation, the sigmoid 
function is applied to the weighted / visual input 
and the hidden state of the past. 

The first function of sgmoid activation is the 
gateway to forgetfulness. What details should be 
forgotten from the previous cell (Ct-1). The 
second sigmoid task and the first to open the 
tanh is our entry gate. What information should 
be stored in the cell or should it be forgotten? A 
sigmoid to keep the output gate and highlight 

what information should go to the next hidden 
state. 
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Fig3 Long short term memory 
 

V.RESULTS 

Fig4 Training loss 

Fig5 Training Accuracy 
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