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Abstract: Information collection from a pool of resource is become a typical task in this 
global market. In order to get the relevant information i.e. which the user wants is to be 
categorically formulated based on the domain. In this paper, information formulation 
based on the category of knowledge based domain. Both local and global scope would 
like to be available in search engine based web information, but making the user too 
typical to know which is more relevant to their/ his/ her requirement. Keeping those 
above sentenced line, I like to take the advantage of ontological model; in which 
taxonomically divide the information on the concept of vertices of domain i.e. horizontal 
or vertical. In this the information architecture model is based on knowledge 
representation on specific criteria of specialized domain. Local structures can be 
modeled by ontologism; however, in order to support global communication and 
knowledge exchange, mechanisms have to be developed for integrating the local 
systems. The Meta related data or information also gives another framework of 
knowledge to the expected and experienced user based information may of Artificial 
intelligence. 
 

 

1. INTRODUCTION 
 

oday‟s world is moving on information, which plays 
an important role of making this global market as of 
one and unique in fraction of second. Hence of in 

this paper, I would like to give emphasis on information of 
various resources; domain which gets collected either from 
Internet world or related to some other resource. 
Describing to the knowledge based formulation of vertical 
is one of the ways where we can group into specific as of 
on data about data I.e. metadata. ‘Matching’ is a critical 
operation in many application domains, such as semantic 
web, schema/ontology integration, data warehouses, e-
commerce, query mediation, etc. Ontologies have been 
established for knowledge sharing and are widely 

 

 

used as a means for conceptually structuring domains of 
interest. One of the core challenges for the Semantic Web 
is the aspect of decentralization. Local structures can be 
modeled by ontologies. However, in order to support global 
communication and knowledge exchange, mechanisms 
have to be developed for integrating the local systems. As 
the concept is related to matching one, where 
centralization and decentralization occur with respect to 
the requirement of the user. It gives rise to database 
schema concept matching, that resemble the decentralized 
structures required in the Semantic Web. Semantic Web is 
the process of integrating or merging specific ontologies. 
The process of ontology merging takes as input two (or 
more) source ontologies and returns a merged ontology 
based on the given source ontologies. Manual ontology 
merging using conventional editing tools without support is 
difficult, labor intensive and error prone. Therefore, several 

systems and frameworks for supporting the knowledge 
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engineer in the ontology merging task have recently been 
proposed .The approaches rely on syntactic and semantic 
matching heuristics which are derived from the behavior of 
ontology engineers when confronted with the task of 
merging ontologies, i. e. human behavior is simulated. 
Although some of them locally use different kinds of logics 
for comparisons, these approaches do not offer a structural 
description of the global merging process 
 

 
 

Fig.1 showing the taxonomy based search 
 
2. RELATED WORK 

 
These days data size is increasing in such a rapid speed is 
a big task for a user who wants some relevant information. 
Let us consider the example of YouTube, as per as the 
statistics report concerned all around at least 100 TB of 
data per day is getting uploading and downloading ; 
imagine the space complexity along with time complexity 
(which we express in various factors) and search engine 
complexity also increases. In order to get a relevant data 
or information we may go on numerous relevant search 
data, it‟s quite a difficult task to get the exact information. 
Hence of in this paper, we tries to give web semantics 
solution by taking considering the taxonomy science which 
in this information technology terminology we likely to tell 
as „ontology‟. Like the above there are many areas where 
ontology plays the most crucial role in developing not only 
web semantics work but also in the programming 
concepts. Terms like “Semantic Web,” “Web 3.0,” and the 

“Data Web” have been interchangeably used to describe 
the underlying vision behind recently approved technology 
standards created by the World Wide Web Consortium 
(W3C). However catchy, none of these buzz words supply 
any hint about this new technology‟s ability to transform the 
foundation of enterprise software, empower radical new 
business capabilities, and throttle back IT spending in the 
notoriously expensive areas of data integration, master 
data management, and enterprise information 
management. The Semantic Web is a fundamentally 
unique way of specifying data and data relationships. It is 
more declarative, more expressive, and more consistently 
repeatable than Java/C++, Relational Database 
Management Systems (RDBMS), and XML documents. It 
builds upon and preserves the conventional data models' 
respective strengths. 
 

  
 

Fig. 2.1 Taxonomy/Classification of Ford Company as 
example   of ontology based classification. 

Based on the diagram below, information in the XML will 
be repeated to insure that the relationship between parts 
and vehicles can be shown. The width and depth of the 
diagram has increased dramatically which will also 
increase the depth and complexity of the XML 
representation. 
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3. METHODS 
 
This information technology world is moving in such a 
manner, tracking, keeping, and hacking providing security 
etc is very high cost terminology. Suppose, let us go ahead 
with the hackers, we have seen in the search engine like 
google where the word or term searched is also gets 
interest of hackers , hence the information once clicked 
there are chances of getting hacked. Hence, ontology 
gives the classification data based on various criteria which 
we will discuss later. 
 

 

Fig.3.1 Architecture Analysis View of matching Ontological 
Structure 
 
Some organizations are using semantic approaches to 
create an information model (the ontology) based on data 
schema taken from a particular enterprise organization or 
industry. Individual application database schema is 
mapped to a standard information model in order to make 
the meaning of the concepts in different, application-
specific data schema explicit and relate them to each 
other. The resulting information architecture provides a 
unified view of the data sources in the organization. 
Application users can begin to query these enterprise 
semantic (metadata) models, which comprise of RDF data 
or ontologies. Standard ontologies reconcile queries 
needing access to heterogeneous data sources and 
application-specific schema. This results in solutions that 
have the power to address unique problems facing 
enterprise and Web based systems. 
 
 
 
 

3.1 Bottom-Up Ontology Merging 
 
Our method takes as input data the two ontologies and a 
set A of natural language documents. The documents have 
to be relevant to both ontologies, so that the documents 
are described by the concepts contained in the ontology. 
The documents may be taken from the target application 
which requires the final merged ontology. From the 
documents in A, we extract instances. This automatic 
knowledge acquisition step returns, for each ontology, a 
formal context indicating which ontology concepts appear 
in which documents. The extraction of the instances from 
documents is necessary because there are usually no 
instances which are already classified by both ontologies. 
However, if this situation is given, one can skip the first 
step and use the classification of the instances directly as 
input for the two formal contexts. 
 
Algorithm: 
 

1) ∑A  1; 
2) S (0) {1} 
3) S  1; 
4) // loop begin  
5) For all m € M do {m} A-S  1; A++ 
5) Count (A) 
6) Sum (A) 
7) COUNT(S); 
8) IF Sum (A) ==1; 
9) End loop; 
10) Then exit loop; 
11) Return ∏ (A, S); 

 
In the above algorithm starts with stating that the empty set 
is always a key set, and that its support is always equal to 
1 (steps 1+2). Then all 1-sets are candidate sets by 
definition (steps 4+5). In later iterations, the candidate A-
sets is determined by the function which is equivalent to 
the generating function of Apriori. Once the candidate A-
sets are determined, the function COUNT (A) is called to 
compute, for each A 2 A, the support of A. In step 8 of 
Algorithm 1, the second condition prunes all candidate A-
sets which are out of the range of the two source 
ontologies.  
 

4. CONCLUSION 

The amount of information on the Web and within 
organizations has grown at an astounding rate; however, 
the technology used to accommodate and process this 
information has not.  Computers still cannot automate this 
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information or perform complex tasks.  HTML can only 
provide a structure for text-based information in a 

document; it cannot do anything with it.  Different 
formats and structures make it difficult for computers 
or individuals to exchange data.  Additionally, 
requirements change faster than we can solve the 
problems.  Frequently, users are overwhelmed by too 
much unrelated data rather than the specific data 
required solving their problem. The proposed 
classification provides a common conceptual basis, 
and, hence, can be used for comparing (analytically) 
different existing schema/ontology matching systems 
as well as for designing a new one, taking advantages 
of state of the art solutions. As the paper shows, the 
solution space is quite large and there exists a variety 
of matching techniques. In some cases it is difficult to 
draw conclusions from the classifications of systems. 
A complementary approach is to compare matching 
systems experimentally, with the help of benchmarks 
which measure the quality of the alignment (e.g., 
computing precision, recall, overall indicators) and the 
performance of systems (e.g., measuring execution 
time, main memory indicators).   
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